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A Visualization Technique for People Flow Comparison
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Abstract In the recent years, researches of movie- and sensor-based human tracking had great progress. Many fields focus
on stocks and analyses of people flow information. While analyzing people flow over long time, we often want to compare
differences of people flow in time to discover very interesting phenomena. This paper presents a technique which classifies
sets of trajectories to be compared by spectral clustering, and represents time variation of distribution of trajectory clusters by a
visualization technique "ThemeRiver". This technique makes users easy to discover and analyze outlier flows, and flows which
often appear only during particular hours.
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