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GRAPE : A music playlist visualization technique featuring gradation images
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We need a time to listen to the music, and therefore it takes a time to understand the contents of music. We think music
visualization is very useful to quickly understand the contents of music. At the same time, we often operate music players
playlist-by-playlist or album-by-album. This paper presents GRAPE (GRadation Arranged Playlist Environment), a playlist-
based music visualization technique. The technique consists of three steps: tune feature extraction, tune coloring, and
arrangement applying SOM (Self Organization Map). Each tune in a playlist is represented as a colored square, and SOM
places similarly colored squares closer each other. As a result, the technique automatically generates gradation images

representing the playlists.
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